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In financial market, the volatility of the price is an important and practical issue in
pricing assets and managing risk. However, the latent volatility is unobservable,
and it is necessary to use a volatility proxy. Based on the high-frequency data,the
realized volatility could be an accurate estimator. However in some markets high-
frequency data is not always available. The daily open/close/ high/low prices are
more common than high-frequency data .This paper focus on the estimation of
volatility only taking the advantage of daily open/close/high/low prices.
Because there is no analytic solution to the likelihood function containing
open/close/high/low information, this paper try to get the approximation of  the
exact likelihood function, and use the Sequential Monte Carlo sampling method to
estimate  the approximation, further can get simulated maximum likelihood
estimation of volatility. In the process of estimating the approximation of likelihood
function, the truncated distribution is selected as the sampling distribution in
Sequential Monte Carlo method to improve sampling efficiency. In general ,the
random nature of the sampling process can result in the unsmooth of estimated
likelihood function . In order to solve this problem, this paper retains the random
seeds,and use the inverse distribution function method and the same random
seeds for sampling. The simulation results show that the estimation efficiency of
this paper is better than the method based on the range or return. It proves that
more price information can effectively improve the estimation.
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